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ERREETH S, —HTh—I AZMERHL, SR HIFRET
BHDHHOD, WEHHEDR S 2 SBHTEGE OB IS L < . )R
HWOBYHI L EE D,

ARNZECTIL, RN N2 O EER BT A I 4 ST B
T SHUT/ N — X R & JRGEE (ATS #18L ATVS-2020, Figure 1 (a) )
AR Ui, AREEHT, fER0Y— I 2 &2 MG & ik L Tes
PEREDE L TRV, F/VCHNAHETH 5 7= OERMIE D
Lo T RO RESIBSATRE CH D L\ D R &R,

PEkD— I A& EEGEFCIREIRUEORYHC L 8D Z L&
WRATZAS, ABZETIE, /N — 2 2 & GG RGELL o
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RO BEORESY, ANT=a2a—J /1%y NU—7

(Artificial Neural Network, ANN) {Z & > CHlIE L7z,
2. FEEBRBJIUOANN 7 NAOHE
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FEEE TN IEFALES ¢ SR F AU BRSSO A IR
IAHREREEE (52 F 272 a U E500mm, 5 S 260mm) THE
Jiti U7z, JEGHREH L, TSR & 35 /i — 3 2 & JalikG T (Thermistor
Anemometer, THA & FEFR) DIEMNT, S IRIEGERUSH O EEET

(Hot-Wire Anemometer, HWA & IEFR) % Figure 1 (b) D& 5 I1ZRkE
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THA 1T AFRT 52 o HERZNE LS 7Y o FTEEEDVNE
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D
2-2.ANN EF/VOREE

RO TELNZ THA OFHMEHED OEfEE 2R HE 2 HE
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ATTI/L T, THA TS EGED ) (mean) | AZHER 2 (SD)
75 (skewness) . 2 (kurtosis) . 5 KE—A L b (m5). 6 KFE—
AV m6) D6 2EAT—4E L, HWA TH LI 4 DOk
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Mk & U7z, HWA IC L 8T —4 & ANN (C L O HEE LI-HEE
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L7,

ANN TTF—Z OFEEATHBNCIL, J8dk, Yon, =Ry 748, b
L—= U T AR R R EIC T D MEN B D, TALH/XT A
— X OFEE TN B 72012, TP RS (RMSE) % VT ANN
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RMSE = j%Z(mHW — mp)? 5

I T, myy : BBTER O OIS HEHIE, mp : ANN THEE
SIVHGEHE, NIZT—2%E 95, HEE LTZ 4 DOfEHRICx L
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ZHIDEENMEI/ NSV, 72, Figure2(b) D/ —2Z~Y FUZ
BIL T THA 235HiIA Ve EBh A B T Tu Vel F7z, Figure2 ()
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FinMoTERY . HWA ITSEMEOR S5, S, EmEc
JEDNY RS TUND,

Figure 3 |Z THA & HWA 215 b7 &HGEHEDBIRA T,
sensor BXIN=1,4 DL XD 2FE7 v F LTHBHN, WTHOHEHE
2B T Y sensor BDEB I/ o T, THEND T T 72 QA BH L
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W5 HODOD, Figure 3 (b) OIFEMERZE (SD). Figure 3 (c) DEE

(skewness) , Figure 3 (d) 04 (kurtosis) OFEREEITE L (Ko7,
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Figure 4 |ZJ@4- Yo, =R > 7 $, b L—= 277 —4 3% L RMSE
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