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Toodle —

Report Submission Late No
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8mahaka Word count Upper 10% | Upper 20% | Upper 30% | Upper 40% | Upper 50% O.W.

KYUSHU UNIVERSITY

13



pYHE Tl

Recurrent Neural Network (RNN)

Prediction Prediction Prediction
after 15t week after 2" week after 15t week

@@ ...... [F] [AMBJ ...... [F] {AMB] ...... [FJ
~ hidden — hidden -~  hidden

L A F 3

F 3 r 3 r 3 A h
.. ...... . .. ...... . .. ...... .

ALP of 15t week ALP of 2" week ALP of 15th week
100%
N
80%
° —Grade A
60%
—Grade B
40% - Grade C
rade
20%
0% —Grade D
——G@Grade F

Week

z KYUSHU UNIVERSITY

FBUI—RDFT—%4
FEA 40—
MREEHH : 21—X

Grade A:
=4%8E
FEYH>T)LEE

Other grades:
KI%ERE
FB Y TILED

14



P57 iRl + SR BATE

Students’
Performance

Classification N

i =t
Fully Conne“cted Layers . ESZ%%‘},HJJ (C%%?%EE
Attention Vector Attention layers 4%’1%&%%%
R — . CAIDEEBINEE ?
[ . COHRINEE ?

Attention on Attention on
Feature Dimension Time Dimension

t
/‘P ERFIEFIL

« BENSOEIIFHZS
t+ 1stM ] stm = stm H= BURH SEEZ 7RI T
‘ DI=HDOET) L =ZIEE

OPEN
CLOSE —
NEXT —
PREV ——>

Week t

W, KYUSHU UNIVERSITY



IEFRICHES Y DibEhE ?

DELETE

Num . ADD ADD  pELeTE
Reading DELETE PAGE CHANGE ADD SEARCH
Group Week Read seconds CLOSE OPEN NEXT PREV MEMO JUMP MEMO BOOKMAR MEMO MARKE BOOKMAR JUMP MARKE SEARCH
€ekK  pages K R K R

W5 0.070 0.046 0.047 0.055 0.049 0.068 0.053 0.117 0.050 0.049 0.051 0.049 0.104 0.047 0.046 0.099
All W10 0.080 0.034 0.035 0.049 0.040 0.088 0.042 0.156 0.041 0.036 0.040 0.038 0.129 0.038 0.034 0.119
W15 0.091 0.026 0.027 0.044 0.035 0.115 0.035 '0.175 0.035 0.028 0.033 0.031 0.141 0.032 0.026 0.127

& W5 10130 0.054 0.050 0.089 0.044 0.130 0.077 0.029 0.076 0.055 0.043 0.044 0.032 0.066 0.054 0.032
Top W10 0.190 0.040 0.036 0.093 0.032 0.200 0.071 0.022 0.071 0.040 0.030 0.030 0.030 0.057 0.039  0.026
25% w15 [0.230 0.031 0027 0.093 0.022 0.260 0.065 0015 0.067 0030 0020 0020 0023 0051 0.030 0018

B W5 0.084 0.052 0.052 0.065 0.055 0.090 0.060 0.070 0.061 ' 0.051 0.052 0.051 0.076 0.059 0.052 0.070
25- W10 0.102 0.042 0.041 0.064 0.046 0.131 0.053 0.079 0.057 ' 0.040 0.042 0.040 0.090 0.054 ' 0.041 0.077
50% w15 0.119 0.033 0.033 0061 0040 [0.174 0046 0.085 0.052 0.030 0034 0032 0.100 0.049 0.033 0.081

B W5 0.038 0.040 0.044 0.035 0.058 0.033 0.036 0.156 0.034 0.041 0.056 0.052 [0.159 0.036 0.040 0.142
50- W10 0.025 0.029 0.035  0.021 0.056 0.026 0.022 0.196 0.022 0.029 0.049 0.044 10.211 0.029 0.030 '0.175
/5% w15 0020 0.022 0028 0015 0.052 0031 0015 0.220 0017 0021 0.042 0036 0.243 0024 0022 0.193

B W5 0.037 0.040 0.040 0.037 0.040 1 0.023 0.042 0.200 0.033 0.049 0.050 0.049 0.145 0.027 0.040 0.147
75- W10 0.020 0.025 0.026 0.021 0.028 ' 0.010 0.026 0.296 0018 0.035 0.038 0.037 0.190 0.014 0.025 0.191
100% w15 0012 0017 0018 0.013 0020 [ 0007 0017 [0.354 0011 0.025 0030 0.028 0.212 0008 0.017 0.210

M . mEmENE(\Z & (SEE (47 0ET?)

S BRERE | om0 705 5 SRR
— HHIfR Yu ok —3
BRE T B < —d| B/T\, RZREEBEDFIFH IS EHE

FEROR—2v 2T (SFE

16



KYUSHU UNIVERSITY



WIS/ IEEET—9 L WS R CEIE

T—P8 2 DRAETIEZDF—FICiEE

NE afEs] ] — | — —_— —
““““%;/ b [mEitz—5" A rRNU—LF -5

mn 0 p .
— | ree——
S 97%
— H @ [ x=c7Es
§\ LR— b BE8E 3 RESE
& REHDEFED
=~ _ \Z 2
§ 7 AVEL L BUNSOM | e, TED&SIE), E
— = il } U DR e AR & Bg T e

- #9500/5 ’7

§ D7 AILEE
—_— BT — 5 TR BN 3 BB REB DI DRSS
— IEBEIET — I T T SR % Lt T = B ATREME
== 7 )

FUMNKZEDH| (20224ELE)

\ YUSHU UNIVERSITY




S0k —4 i

FEHE

FHADOXRENRFH 582
iBIEY 5 5 A CEERIRHIR

« BEDZE X PEETHE D ILAGHOERIE

« DMOTZ/ DHEIRNVATDEE
Ah 53]

- FBREYUICHT DR/, HAE

TN 70N

2 KYUSHU UNIVERSITY

2 AK dg
pythonT 27— TZ5iA

mport numpy
from scipy.fftp
mport matolot
10
4
El
a
§ o
5 T T T T
0.0 0.2 0.4 0.6 0.8 10
time
6
2 a
2
=
N i
T T T
2 4 6
frequency

19



SEESY

ZwENSVWCHFZOUSBEREZS > F 201
ZEDEES >+ > T h o il 2« DEANZ GRS ZEREE
EHEOERAEHENSERCH T DFEDRIGDES lS’ZTETEEJHu

140 ! ! ' ' '
! LN
P == -
I HZENT o) - oL RS - B
e mEEW
——= ——= === —— = R
! 52[0 k]| 4{0] 555(0] 360 wa L
BLEER) @+ By 1 [®E0 BT EET 1 | # - e
2 gy 2 | ERBL 2 b 2 | Bl 2 |3 :EU’
3 FEn 3 | ELW 3 | &EW 3 | le<u tHE 60 - ]
Al = PECTERPRETN - — my
5Bl 5 E 5 @hLw 5 | B 40 - e <E0fh>
6 ‘.J)?:;u 6 | B 6 E
7 | HLWL 7/ %ﬁl,u 7O ELW 7 20 -
8 | SLiEL 8 |lc<K 8 |#iLw 8 | B
9 SE5LL 89 =DL 9 [ ELWL ° | o : 5
10 | B 10 | #AHL 10 | HoHEL 10 | B
800 90 S510[o 5110] }
1 (@il 1 [ RLL 1 | D50 SR - {0 1 _ = @ i)
2EQ MEEV] ESGIY - . F—D— EREEESESN R T : =
EE R1280 THAWS £85I j BRMESEENSET 2 1 1 [*x=0 1 |[Bu 1 1| 8
3 3 .
DNARRF] DBEFTIC NN S /L ;
. i B . U hORDBE S TERC Yo n A2 | EBW 2 |[Abuw 2 | BL 2 | En 2 :;u
: " = THBE, BHTERHLTESN 3 | ELL 3 | &L 3 [e<w 3 | ELL 3 ELL
5|39 - omomRERUT, ySTOY- WCHERBTER SNEOHEA 4 |EEL 4 MLL 4 | mLL 4 |EAL 4| ouu
6 |= FEZY. ThENSEEE-TE AR o TEHE L L &
B EBIELRE < selbic 5 |Bu 5 HEAL 5 &HhLw 5 | ELW 5| BERV
7|8 . EEHEEEASTLIUILESR ' ;;H,L::‘Tmmm‘?grﬁ b || EA et 6 Bu 6 |BU €| BL)
S ETHSEFIOAEELEE ok 'y;]l:-f@;wﬁ S 7 | LWL 7 |®HLL 7 | ELWL 7 | BEun 7 | @EBW
. I T ROEMRTE THS
° | A - WEMEENSETY NTUBHE IR £ LD e T 8 | BLiEL 8 |le<y 8 |#LWL g8 |B3LL 8| T
10 | & ] LTS EEVS I ET, :
« AREEOTTEEFOINE HE B A - 9 SEsLLy 9 =3 lAY 9 LWL 9 m[./l;‘ g9 EL}L\
10 | LY 10 | 10 | FoaHvVEL 10 | FL

¥, KYUSHU UNIVERSITY 20




FEHED

SMFES
- BENBTOFE LR

- ~EHY, X2, ~IRDT, &£UL\D
Y& [CAHIBERAIZ SN TS

SCFE A
- ZEIFHIEBEHZ L)
RN ETEESHTUNS

HESAIEEEE AT
RNy o

FHEIIES H*’\*li‘

aTR

EE

i ‘

124 104 104 10,
a0 — A= ] Himie E=tle &R @i s EL
9A 9A 2N gA 8A TA TA
Bt U HILiEE= i Ha L7 TR Bk | | #BE
TA BA (YN 5k s5A 5A EIN 4h
S Bg | | AUw ?‘xu\yr\ se| (@ [sz] (sa| vz [ =]
EUN EVS EYN 4,k 3A 3N 3A 3A

BRI R

KYUSHU UNIVERSITY

‘ B

bl
s

ki
|
i

201%F

B41TF
721%F
601CF
480F

3607F

= bl

e

‘ ‘HH“HM‘H‘W“MM\"“ I|m| Il WH

UUUUUUUUUUUUUUULU UG UL UL LN UU U UL U UUU MU UUUU UL UM U U UL UG U WU UL UULNUUUU LU UL UUUU UUUUUUUUUuuuu U
555555555555555555555555555555555555555555555555555555555555555555555555555555555555555555555555555
cceeececoecceececeeEEoRERERERoEREREREEEEERCERRE RERECERECREEREERRCRRE REEREEREEEEE B BRREEEREEBEER
R g R S e R R R S S R S N SRR AR A}
011111111111111111111111111112222222222222222222222222222222233333333333333333333334445666777778899
001222333555566666777778880000111112222233344445566667777880 000001122222223333444367312612560 250
027018136 17912359 0348 2627681367801368023025935 0290234031 023907 123456 014169

REFENEY D

1PA7 tls 2U 533 N ) e ce ZJoral
10 8A TA TA 6.A 5A SA 40 40
2 = Hi I B8 IR B =1 AFU—LES
4.5 3A 3A 3A EZN EFN 3A 24
ThERAY =L SsL uls} =& B tTFaUFr— BB & =
2A 2K 2N 2N 2A 2N 2N 2A 2N 2A
E=2) & B4y B4 . PNsE R . =
2h 2 2 2A 2N 2A

FUAZEESDRICER



FES/—b

 IRERNB DR . e
ISR B DT | s ..
o KEHKoDERIH - :

TOTY P 0 KB e«
wedl L Frwemy, f.':i!{a‘;t"
Xl —Hea

RN i
i ™

VE, o) et | iy,
[l\tt g

CEERREEETE | —:% e
f= D EEIMELR 3 :

T oo iR

A,
W o TR Txarw) 2 X Lw)

ITII

BT —bDEDIC
NFEPXDERE
DDA I E

27 Y
b1 5 et T TE AT R E
b ) oot e Tand 11

Rma s B T E

B ¥ REOHHAEETEINEFES ) — N
FEEZ_ ) — MIIAT DAL FE DA TULVRL

(4IRS AR 2= 1 R
9B —ANE0)N

KYUSHU UNIVERSITY 22



FEE ) — bOREDE]

AD HAEER  Ground Truth . FEX ) NE [
#4301 ] D3Rk
(C53E

- KEDT—HFZHT,
ANER (FEE ) —
N) & (3n8EiE) D
Rz REZEDU-net

h t?j—]
| U-Net
e | utput
M : .q': ﬁ?;’ll_l)ﬂ tal
|
s B | I
T" "‘7—“‘
R | E y t
AN : = o ‘
A @13% “*_’Lj | ['f‘L’!‘” s HEZELH
i i [ § max pool 2x2
LR — Ol s Ground
[;"[;.’ : = cOnv 1x1 Truth

W, KYUSHU UNIVERSITY




FELaMEFESE/ — bOREKE ?

J—BNCFREDDER
ZH 5N UHEE ?

\\\KLW%E& soteEs | BIGEEL | N—SH
- RN \ 0011 | 0008 | -0.032 0.03
p-1E 0.945 0.794
e-Book | THESFREL | 0.313**
N—71— o-fiE |
Moodle | THBIFER 0.278**
NTAN s 0.584 0.46 0.154

/

{@ﬁ%@%éﬁ

JZBR ?

YUSHU UNIVERSITY



ChatGPTXEBEDmXHMELE - - -

>
Views: 6768 | Downloads: 2864

? ‘ l@‘-plaudit ‘ Begench Yazov has endorsed this work. D n m E

A Position Paper

ChatGPT for Good? On Opportunities and
Challenges of Large Language Models for Education Abstract

Enkelejda Kasneci'*, Kathrin Sessler', Stefan Kiichemann?, Maria Bannert', Daryna
Dementieva', Frank Fischer?, Urs Gasser', Georg Groh', Stephan Giinnemann’, Eyke
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Large language models represent a significant advancement in the field of Al. The underlying
technology is key to further innovations and, despite critical views and even bans within
communities and regions, large language models are here to stay. This position paper
presents the potential benefits and challenges of educational applications of ..
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Abstract
Large language models represent a significant advancement in the field of Al. The underlying technology is key
to further innovations and, despite critical views and even bans within communities and regions, large language Preprint DOI

models are here to stay. This position paper presents the potential benefits and challenges of educational
applications of large language models, from student and teacher perspectives. We briefly discuss the current
state of large language models and their applications. We then highlight how these models can be used to create
educational content, improve student engagement and interaction, and personalize learning experiences. With
regard to challenges, we argue that large language models in education require teachers and learners to develop
sets of competencies and literacies necessary fo both understand the technology as well as their limitations and License
unexpected brittleness of such systems. In addition, a clear strategy within educational systems and a clear
pedagogical approach with a strong focus on critical thinking and strategies for fact checking are required to
integrate and take full advantage of large language models in learning settings and teaching curricula. Other
challenges such as the potential bias in the output, the need for continuous human oversight, and the potential
for misuse are not unique to the application of Al in education. But we believe that, if handled sensibly, these
challenges can offer insights and opportunities in education scenarios to acquaint students early on with potential D iscipl ines
societal biases, criticalities, and risks of Al applications. We conclude with recommendations for how to address
these challenges and ensure that such models are used in a responsible and ethical manner in education.
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1. Introduction to Digital Signal Processing (DSP)
2. Sampling and Quantization of Analog Signals
3. Discrete-Time Signals and Systems
4. The Discrete-Time Fourier Transform (DTFT)
5. The Discrete Fourier Transform (DFT) and its Properties
6. The Fast Fourier Transform (FFT) Algorithm
7. Design and Analysis of Digital Filters
8. Finite Impulse Response (FIR) Filters
9. Infinite Impulse Response (lIR) Filters

10. Multirate Signal Processing

11. Adaptive Filtering

12. Applications of DSP in Telecommunications and Audio Processing
13. DSP Implementation Techniques

14. DSP Project and Presentation

Note that this is just a rough outline and the topics can be adjusted as per the

requirement. Also, the duration of each topic also can be adjusted accordingly.
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1. One-hot encoding:
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1. One-hot encoding: XF5%, EXFAHETINEINETTONDAT
BT 3AE.
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3. Word embedding: 8%, EUEAYMUZERL, EhoxBRELLTEF

£ 67 [EWord2Vect ‘S Regenerate response 1 ng (string.split(), n)

M

‘7 Regenerate response

W, KYUSHU UNIVERSITY 28




HEMER]/sRREIREE R EE(C ?

(_ — KT ARA—=1 \

B srrs | © amrs | @ Emeat »:nmmrm ] \
SEBCuRETES [ Wnerto Ty
WORFR ()

CERDEEEETAT LT
TR IR LB

» BRIICERR =N

I// i
.

.
[ -

ﬁh%ﬁ‘fﬁh%me
~' =/ (CEBH(TiEH

[EREZ ERN LTZD(EA
BEEEDETEVLF BB DIRILHE

e

flow o

is what allows the computer to perform tasks repeated

thout human intervention.

Question ?

What allows a computer to perform tasks repeatedly without human intervention?
ANSWER @
(® Flow of control

(® Program execution
(® Reading a book

@ Going back and repeating instructions
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Question ?

What allows a computer to perform tasks repeatedly without human intervention? ANSWER & ~

Flow of control
Program execution

Reading a book
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