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Algorithm 1 Similarity-based clustering

Require: similarity s;; between data ¢ and j
Ensure: a set of labels {l1,1s,...,1,}

1: [« —1fori=1,2,...,n

2 c+ 1

3 fori=1,2,..

4: if [; < 0 then
l; < ¢

.,ndo

for j=4,1+1,...,ndo
ifsij>9then
lj<—C

10:
11:
12:

end if
end for
c+—c+1
end if

13: end for
14: return {l1,ls,...,l,}
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