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Jooobooouododoooon
Modeling of pedestrian dynamics in the crowded area
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Abstract

In the cities where population density is very high such as Tokyo, we often feel stress when we are walking through the crowded
area because we can’'t walk as we want to. In this study, | defined the crowded area first, and modeled the dynamics of pedestrian in

the crowded area. Furthermore, | researched about mean travel timefastdiphenomenon diagonal to the traveling direction by
simulation and theoretical analysis. As a result, | got optimal strategies in each condition.
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Fig. 1 Transition rule of pedestrians in modell. Space and
time are discreted. Behavior of pedestrian is decided by for-
ward, right and left cells. So only eight patterns of transition
is possible.
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Fig. 2 Transition rule of pedestrians in model2. Behavior
depends ox andy.
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Fig. 3 Simulation result of mean travel time for 1 cell of
each model.
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Fig. 4 Simulation and theoretical result of variance of ex-
iting position. Both results agree with each other in modell
and model2.
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Fig. 5 Cr of each model wheh = 5. In high density,
model3 is the best.
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Fig. 6 Cr of each model wheh = 25. In thiis condition,
model2 is the best.
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Fig. 7 Cr of each model wheh= 10000. In this condition,
model 1 is the best.
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