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Development of Mahjong Al Using Supervised Learning and Reinforcement
Learning
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Abstract: In recent years, game Al has been remarkably evolved. Some game Als have outperformed top
human players for complete information games such as Chess, Shogi, and Go. Compared with Al for
perfect information games, game Al is not so strong for imperfect information games such as Poker and
Mahjong. We research and development Mahjong Al using machine learning method. In this paper, we
divide the internal Mahjong Al function into two parts: supervised learning and reinforcement learning. In
the supervised learning part, the Al learns the choices of tiles using the top-ranked human players in
Tenho's game records. In the second part, the Al is reinforced selection function during many Mahjong

games against three Als created in the first step supervised learning.
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